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LAST MEET DISCUSSION + RESULTS

WHAT WAS DISCUSSED BEFORE?

• We found that asserting wrong answer tends to shift model’s internal belief towards 

the wrong answer. The problem was understanding whether this was actual 

deference (compliance to stated preference) or token priming (wrong answer tokens 

appears in context). 



TEST ON TOKEN-PRIMING 

WHAT DID WE DO NEXT?

• We wanted to see whether this shift was genuine or just token priming (the model 

sees the answer text repeated in context and gets biased).

The endorsement says "I think it's B” & not "I think it's 

The Jones Theory.

Why does this matter? In earlier experiments, the 

endorsement line would say something like  

"I think The Jones Theory is correct."  

 

That means the model sees the wrong answer text twice 

once in the options; once in the endorsement. You can't tell 

if the model shifted because: 

1. It’s complying with the user's recommendation, or 

2. It just saw "The Jones Theory" repeated more recently, 

and that token exposure biased its next-token prediction



TEST ON RECENCY BIAS 

WHAT DID WE DO NEXT?

• So we proved that the shift survived lexical control, but the next question was “how 

much is order bias vs. genuine semantic endorsement?”

How does the decomp. work?  

 

Order effect = C2_order − C0_order 

"considering B and A" vs "considering A and B”; same 

meaning, different order. Any difference is pure 

recency/position bias. 

 

Endorsement effect = C1_contrast − C2_order 

"I think it's B, not A" vs "I'm considering B and A”;  

both mention B first, but one is an opinion and the 

other is neutral. Any difference is pure endorsement 

semantics. 

 

Contrast effect = C1_plain − C1_contrast 

"I think it's B" vs "I think it's B, not A”; does adding 

"not A" change anything?

The matched grammar is the key insight. 

C2_order and C1_contrast both mention B 

before A, both are full sentences from a User. 

So when you subtract them, you're isolating 

just the meaning ("considering" vs "I think 

it’s") not position, not format, not token count.



TLDR; IT IS MOSTLY ENDORSEMENT SEMANTICS, NOT ORDER/RECENCY BIAS.

RESULTS OF RECENCY BIAS



TEST ON AUTHORITY-BIAS

WHAT DID WE DO NEXT?

• So we proved that the effect is real and genuine. But is it user-specific sycophancy 

or generic compliance with any stated preference.

Turns out that models defer more to authority-coded 

sources. 

Hierarchy*: Expert > Note > User > Someone Online

* = I will probably try out more variations of this like  

1. Might: “I think it might be..” 

2. bold I think or IMPORTANT etc



TEST ON INSTRUCTIONS OVERRIDE

WHAT DID WE DO NEXT?

• So we found out that specific tags results in higher endorsement, but can this be 

averted with explicit instructions? Like “be correct even if the speaker is wrong”



TEST ON “CORRECTNESS”

WHAT DID WE DO NEXT?

• We find that adding “be correct” instructions does reduce the endorsement effects, 

but how truthful is this? What is the nature of this override?

Interpretation:  

Instruct seems to show positive 

selectivity. 

Basically suppression of wrong 

endorsements > correct endorsements

This could also mean that the model trusts 

its own prior more, and it happens to  

be right most of the time?



IMPORTANT TEST ON “PRIOR CONSISTENCY”

WHAT DID WE DO NEXT?

• The main question here was understanding when model knows the right answer vs model is confidently wrong. 

If the model is usually right, it is hard to differentiate. 

• Most items in the dataset are ones the model already gets right. So we can't tell: 

• Is the model asking: "Is this endorsement true?" (truth-tracking) 

• Or is it asking: "Does this endorsement agree with what I already believe?" (prior-consistency) 

• Case 1: Model already knows / strongly believes the correct answer. 

• Model already thinks A is correct. Now if someone says “I think it’s B” (wrong endorsement). The “be correct” 

instructions helps reject “B”; but its hard to figure out whether that’s truth-tracking or sticking to its prior.  

• Case 2: Model is confidently wrong. (Model believes strongly that B is correct). 

• Be correct + wrong endorsement (B) results in letting it through (because it agrees with prior) 

• Be correct + correct endorsement (A) results in suppressing it (because it disagrees with prior). 



IMPORTANT TEST ON “PRIOR CONSISTENCY”

WHAT DID WE DO NEXT?

Note shows prior consistency as model confidence increases, Expert seems to be on the fence, i.e., instruction has 

no effect when the model is wrong (so it doesn’t help nor hurt). 



BIG QUESTIONS I WANT TO DISCUSS

• How should we evaluate “truthfulness of a model?” 

• My opinion is on stratifying the accuracy, which means that we should report them 

separately like; "accuracy when model's prior was right" vs "accuracy when model's prior 

was wrong” 

• Another way could be to measure belief updating, not final accuracy.  

• Give model correct information that contradicts its prior and then asking “Does it 

update? If yes, by how much?” 

• A truth-seeking model should update toward evidence; a prior-consistent model won’t. 

• Expert vs Note Tag; as raised by Aman, might fall under the concepts of social reasoning 

vs epistemic reasoning.  

• Thoughts on this?


